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Does deliberation produce any lasting effects? “America in One Room” was a national field
experiment in which more than 500 randomly selected registered voters were brought from all
over the country to deliberate on five major issues facing the country. A pre-post control group

was also surveyed on the same questions after the weekend and about a year later. There were significant
differences in voting intention and in actual voting behavior a year later among the deliberators compared
to the control group. This article accounts for these differences by showing how deliberation stimulated a
latent variable of political engagement. If deliberation has lasting effects on political engagement, then it
provides a rationale for attempts to scale the deliberative process to much larger numbers. The article
considers methods for doing so in the context of the broader debate about mini-publics, isolated spheres of
deliberation situated within a largely non-deliberative society.

INTRODUCTION

T here is a fundamental divide in democratic the-
ory between “realist” approaches, which
severely question the capacity of ordinary citi-

zens to rule themselves, and deliberative approaches,
which propose to rely on, or nurture, the capacity of
citizens to make thoughtful and informed choices. We
see this divide in Joseph Schumpeter’s contrast
between the “classical” theory of democracy, in which
citizens reason about the public good, and the modern
“competitive” model (Posner 2005; Schumpeter 1942;
Shapiro 2003), in which democracy is reduced to little
more than a “competitive struggle for the people’s
vote.” In that competitive struggle, advertising, manip-
ulation of the public, and deception are all fair game as
part of the competition (Schumpeter 1942, 263). The
lack of meaningfulness of the public’s resulting

“volitions” is a central claim of the realist position.
In this view, the point of democracy is to have peaceful
transitions of power in a system that preserves rights.
This division recurs throughout a vast literature, but
most prominently of late, in the “realist” theory offered
by Achen and Bartels (2016), as contrasted with what
they call the “folk theory of democracy” in which
informed citizens would supposedly make reasoned
choices. For the “realist” theory, the “will of the
people” is mostly chimerical or simply the product of
various manipulative techniques, or the by-product of
mobilizing partisan loyalties. Relying on the capacities
of the public to make thoughtful decisions about the
policies on offer, in this line of thinking, is a “pipe
dream hardly worth the attention of a serious person”
(Posner 2005, 163) and a “fairy tale” (Achen and
Bartels 2016, 7).

Advocates of “deliberative democracy” can concede
that the realists have a point about current democratic
practices and voting behavior, but they hold out the
prospect that deliberations by the people themselves,
taking place under certain conditions, can be more
reason-based. Is it the capacities of the public that are
so limited or is it the nature of its opportunities within
the current design of our democratic institutions and
social practices? Perhaps voters are just not effectively
motivated by the social context of being a citizen inmass
society, subject tomanipulativemessages, incentives for
rational ignorance, and a public sphere that seems to be
decomposing into “filter bubbles” of like-minded
“enclaves,” especially on contested issues (Chitra and
Musco 2020; Dilko et al. 2017; Pariser 2011; Sunstein
2017; Spohr 2017; but see Zuiderveen et al. 2016 for
skepticism). Under other possible conditions, could
they perform a bit more like ideal citizens? This is not
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a utopian question. It is a question that can guide
institutional designs for possible reforms. There are
now experiments around the world with different
designs for deliberative mini-publics that might foster
reason-based decisions by random samples of citizens
both on policies and on electoral choices (Fishkin 2018;
Grönlund, Bächtiger, and Setälä 2014; Karpowitz and
Raphael 2014).
There has long been speculation that certain kinds of

political participation might make “better citizens”
(Mansbridge 1999; Pateman 1970). But what kind of
participation? In what respects might “better citizens”
result? Most of the speculation has focused on partic-
ipation in deliberative institutions such as the New
England town meeting or the jury, institutions which
John Stuart Mill called “schools of public spirit” (Mill
[1861] 1991) when he reacted to de Tocqueville’s report
of how these institutions operated in America. As de
Tocqueville said, “Town meetings are to liberty what
primary schools are to science; they bring it within the
people’s reach” (de Tocqueville [1835] 2019, 73). Mill
envisioned similar civic effects from service on juries
and parish offices in England and, he speculated, from
service in the deliberative institutions of ancient Ath-
ens. In all these cases, Mill argued, a citizen would be
called upon “to weigh interests not his own; to be
guided, in case of conflicting claims, by another rule
than his private partialities; to apply, at every turn,
principles and maxims which have for their reason of
existence, the general good” (Mill [1861] 1991, 79).
When the public is called upon to discuss what to do
about public problems, they consider each other’s rea-
sons and learn to take responsibility. This is essentially
what Pateman termed the “educative effect” of politi-
cal participation (Pateman 1970, 33) but focused spe-
cifically on participation in deliberative or discursive
institutions.
What are the relevant dependent variables that might

be affected by this kind of participation? Much of the
focus has been on political efficacy (Morrell 2005),
paying attention to public affairs (or knowledge gain
about them) (Fishkin 2018) and on voting turnout
(Gastil, Deess, and Weiser 2002; Gastil et al. 2010).
For the latter, Gastil et al. found striking effects on
voting turnout from participation in juries that reached
a verdict (Gastil, Deess, and Weiser 2002; Gastil et al.
2010). All of these effects might plausibly fit an account
of “better citizens.” Ideally, citizens will consider that
they have views worth listening to (internal political
efficacy), they will learn about public issues and pay
attention to campaigns, and they will vote. In the ideal
case, they would also make an explicit connection
between their policy positions and whom they vote for.
These elements combine to fit the classical picture of

voters taking their responsibilities seriously, becoming
engaged and informed, having the sense of efficacy to
do so and then voting based on their policy views.
These are attributes of their civic capacities that speak
directly to their ability to contribute to collective self-
government. If deliberation were to facilitate voters
behaving in this way, it would constitute a response to
the realist critique, at least so far as that critique

depended on the capacities of voters rather than our
current design of the institutions that engage them.

To offer a response to the realist critique, advocates
of a more deliberative democracy need to face five
related empirical questions:

1) Does deliberation in an organized setting demon-
strate that ordinary citizens can come to reason-
based and evidence-based judgments about what
is to be done? One criterion for success on this score
would be if citizens come to conclusions that clearly
depart from simple partisan-based loyalties and
show a judgment on the merits of the issues.1

2) Can deliberation in such an organized setting have
lasting effects? Or do the effects simply dissipate in
the hothouse environment of political competition,
campaigns, and elections?

3) If deliberation has lasting effects, is it primarily in
the persistence of the post-deliberation policy atti-
tudes or is it in the propensity to make reason-based
choices, especially with respect to behaviors such as
voting (both turnout and vote intentions)?

4) If deliberation has lasting effects on voting (either
voting turnout and/or voting intention) are there
identifiable mediators that are affected by deliber-
ation that have these effects on voting?

5) Can deliberation in an organized setting, of the kind
that offers encouraging answers to the first four
questions, be scaled to large numbers beyond the
random samples?

We approach questions 1 through 4 through a test
case, a national experiment in deliberation. The exper-
iment took place on the eve of the presidential primary
season in 2019 and included a series of follow-up
surveys with the deliberating sample and a control
group. As for question 5, we have developed, based
on this experiment, an approach that is now being
piloted with new technology. We will sketch this
approach at the end of the article. We report on our
results in a separate paper (Fishkin et al. 2023).

AMERICA IN ONE ROOM

In collaboration with the Helena Group Foundation,
we convened a national experiment in public delibera-
tion about the major issues facing the United States in
the period just preceding the 2020 presidential primary
season. The event, entitled “America in One Room,”
gathered a stratified random sample of 523 registered
voters from around the country, recruited by NORC at
the University of Chicago. A control group of 844 was
also recruited by NORC and took essentially the same
questionnaires in parallel with the experiment partici-
pants. The registered voter samples for both the par-
ticipant and control groups were sourced fromNORC’s

1 In a separate paper we are doing qualitative and quantitative
analyses of the reasoning in the transcripts that sheds light on the
considered judgments.
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probability-based and nationally representative Amer-
iSpeak panel. The recruitment and representativeness
of the participant and control groups are discussed in
the Supplementary material and in the Discussion. In
advance of the initial survey, an advisory committee
reflecting different points of view on the selected topics
vetted the briefing materials for balance and accuracy.
These materials serve as the initial basis for discussion
when the sample is convened for its deliberations. The
agenda focuses on policy options with balanced argu-
ments for and against each option.
The first stage of the process resembles a normal

public opinion poll: participants are surveyed with a
standardized instrument in advance of seeing or dis-
cussing any information from the project. In the second
stage, the random sample is brought together to a single
place for extensive face-to-face discussions, usually
over a long weekend. They are randomly assigned to
moderated small group discussions, and they attend
plenary sessions where they can pose questions to
panels of experts or decision-makers with diverse views
on a particular issue. At the end of the deliberations,
participants take the same questionnaire as on the first
contact, plus added questions for evaluation.
The participants gathered at a hotel in Dallas, Texas,

on the weekend of September 19–22, 2019, arriving
Thursday late afternoon and leaving Sunday after lunch.
The agenda alternated small group discussions by issue
area and plenary sessions, each lasting 90 minutes and
running throughout the weekend. Each of the five issue
domains (the economy, immigration, the environment,
health care, and foreign policy) was discussed both in
small group discussions and in plenary sessions with
experts. Participants remainedwith the same small group
(averaging about 13 persons) throughout the event,
enabling them to get to know one another on a personal
level over the course of the weekend. In the final ques-
tionnaire, completed just before departure, respondents
were asked (as they had been in the pre-deliberation
survey) to rate each specific policy proposal on a scale of
0 to 10, where 0 was “strongly oppose,” 10 was “strongly
favor,” and 5 was a neutral midpoint.
Of the 47 proposals in these five issue areas, 26 can be

classified as instances of extreme partisan polarization
between Republicans and Democrats. The criteria are
given as follows:

a) At least 15% of respondents identifying with each
party take the most extreme possible position (0 or
10) at time 1 (T1), with these Democrats and
Republicans at opposite poles on the proposal.

b) A majority of those party members who take a
position at T1 are on the same side of the scale as
the “extremes.”

These two criteria combine to identify extreme par-
tisan polarization because the extremes are balanced at
the two poles, with Republicans on one side and Dem-
ocrats on the other.
Deliberation in this setting produced significant

depolarization on 20 of 26 of the extreme partisan

issues. By depolarization, we mean that the means of
the two parties move closer together. This does not
necessarily mean that they both move toward the mid-
dle. They can both move in the same direction so long
as they end up closer together. In a number of cases, the
changes were massive, amounting to 40 percentage
points for Republicans on the most hardline immigra-
tion questions and for Democrats on the most ambi-
tious redistributive proposals. The control group
changed hardly at all on these policy issues in the same
period. The project included three follow-up waves: in
July 2020 before the national party conventions, in late
September/early October before the November 2020
Presidential election and, to capture self-reported
actual voting, in the weeks following the election. All
of these waves included both the treatment group
(participants on the deliberative weekend) and the
control group. We thus have data from T1 (before the
weekend of deliberation), T2 (at the end of the week-
end), T3 (10 months later, July 2020), T4 (October
2020, a year later, shortly before the presidential elec-
tion), and T5 (after the election for self-reported rec-
ollection of voting. After the election, we also collected
verified voting data from publicly available sources on
the participants and the control group. The changes of
opinion from T1 to T2 are the subject of Fishkin et al.
(2021). This article focuses on the follow-up waves
including T4 and T5.

To get a picture of the overall changes in policy
attitudes, we use individual responses to the
26 extremely polarized issues to construct a policy-
based ideology score (PBS). The PBS ranges from
0 to 10, with 0 denoting most liberal and 10 denoting
most conservative. The score is constructed for each
individual at T1 by averaging over their responses to
each of the 26 questions. This process is similar to the
weighted averaging of issues scales method advanced in
Ansolabehere, Rodden, and Snyder (2008).2 Before
averaging, we make sure that the response to each
question is converted to the PBS rubric (e.g., if the
extreme Republican response to the question was
0, we flip everyone’s scores, turning 0 s into 10, 1 s into
9 s, and so forth before averaging). We do the same to
construct the PBS using individual responses to the
26 questions at T2 and T3. The policy questions were
not asked at T4 and T5.

It is worth emphasizing that the overall PBS is com-
posed of policy scores in five different issue areas. The
overall movement thus masks differential movement
within the issue areas. For example, on the economy,
participantsmoved significantly to the right on average.
However, movements left on proposals in the other
four areas outweighed thatmovement to the right in the

2 We also explored using factor analytic methods as well as Poole’s
(1998) basic space approach to estimate an analog ideology score to
the PBS. When we ran those approaches, we found a Pearson
correlation coefficient between each of those and the PBS to be
0.96 and 0.95 respectively. Because of the high correlations, we do not
believe such differences in how the scale is constructed will impact
results. We can share specifics of how we ran these robustness checks
and the results upon request.
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aggregation for the overall score. Depending on the
issues selected, it is evident that deliberation can move
people significantly in either direction.
As can be seen fromTable 1, the PBS for all five issue

areas moved significantly between T1 and T2. Four of
the areas saw movement to the left on average, but one
of the largest movements was to the right, on the
economic issues (column 4). All five issue area changes
between T1 and T2 were significant at the 0.01 level.
For comparisons to the control group and a difference-
in-difference analysis employing regressions, see Sup-
plementary Tables A.1 and A.2.
Changes in the overall PBS are shown in a binned

scatterplot in Figure 1.3While the control group changes
very little, there are large changes in the participant
group especially, between T1 and T2. Clustered in the
broad middle of the PBS range, individuals with more
conservative initial positions showed negative move-
ment (down in the chart and hence to the left politically),
while those with more liberal initial positions showed
positive movement (up in the chart and hence to the
right politically). By T3, their positions reverted signif-
icantly in the direction of those they held at T1.4
In other words, the significant movements in the PBS

between T1 and T2 reverted considerably nine months
later (T3-T1). As Table 1 shows, there were still signif-
icant differences between T1 and T3 remaining but
when compared to the control group movements from
T1 to T3, the long-term effects of participation appear

to wash out (see Supplementary Tables A1 andA2). At
the first glance, it would seem that deliberation does not
produce many lasting effects. After all, these voters
returned from their weekend of deliberation to the
hothouse of an extremely polarizing and nasty cam-
paign, one of themost polarizing in recentmemory. It is
hard to imagine sustained effects of a single weekend
on participants nine months or a year after such a
collective experience.

It is worth pausing to note that from the standpoint of
deliberative mini-publics convened as a form of public
consultation, it would not matter crucially if the results
revert back nine months or a year after the delibera-
tions have concluded. With public consultation of a
stratified random sample, we are interested in what
the public, in microcosm, thinks about a topic when the
issues are fresh and when it has really engaged the
competing arguments. Its considered judgments soon
after deliberation can be taken, collectively, as a rec-
ommendation about what should be done. After that,
memories fade. People return to their customary social
networks and media habits. New news events offer
added, and perhaps different or one-sided perspectives
on the same issues discussed when the microcosm had
deliberated. So reversion in whole or in part is to be
expected and does not undermine the core purpose for
which the microcosm was convened in the first place.

However, while reversion is not troubling for the
core function of deliberative public consultation on a
given set of issues, it is challenging for the broader
aspiration, often shared among deliberative demo-
crats, of somehow creating a more deliberative soci-
ety. Unless a national mass deliberation were to be
conducted soon before a national election (see Acker-
man and Fishkin 2004 for one such scenario), it would
seem to have little effect on collective self-
government.

However, a more careful examination of the data
collected following our national experiment offers a
different picture. The follow-up surveys of treatment
and control groups actually offer evidence of a signif-
icant effect on collective capacities for self-government,

TABLE 1. Mean Policy-Based Scores (PBSs) by Issue Area across Time, Participant Group

(1) (2) (3) (4) (5) (6) (7)

Time 1 Time 2 Time 3 Diff: St. errors Diff: St. errors

Issue area Mean Mean Mean T2-T1 T2-T1 T3-T1 T3-T1

Immigration 4.34 3.17 4.01 −1.17*** 0.076 −0.34*** 0.057
Environment 4.04 3.91 4.12 −0.13** 0.067 0.07 0.057
Economy 4.26 4.79 4.34 0.53*** 0.069 0.07 0.065
Health 4.03 3.79 3.81 −0.23*** 0.075 −0.22*** 0.067
Foreign policy 3.87 2.87 3.71 −1.00*** 0.092 −0.16* 0.080
Overall 4.14 3.87 4.05 −0.27*** 0.047 −0.09*** 0.035

Observations 523 522 491

Note: Standard errors are from paired t-tests of mean differences. The samples used for the paired t-tests are slightly different since
individuals need to have taken both surveys, but this does not change the sample means reported here in meaningful ways.
*p < 0.10,**p < 0.05,***p < 0.01.

3 A binned scatterplot puts the data into bins that contain equal
numbers of data points. Each bin may cover different ranges of the
x-axis variable. The data points are averaged on the y-axis variable
and the average for each bin is displayed, making large data sets
easier to visualize. Some charts also include linear fit lines or qua-
dratic fit lines, all of which are estimated using the underlying data.
See Stepner (2014) for more information.
4 Therewas a similar reversion in affective de-polarizationninemonths
later. See the Supplementary Figures A1 and A2 showing changes in
thermometer ratings in treatment and control groups. Political cam-
paigns are known to increase affective polarization, so an intense
campaign can be expected to re-engage the negative emotions on
either side about the other party. See Sood and Iyengar (2016).
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resulting in a more optimistic picture. We say
“optimistic” not because of any partisan implications.
In a different election, the positions of the two parties
could easily be reversed. Rather, we say “optimistic”
because of the effect on the civic attributes of voters
that deliberation appears to stimulate.

THE PUZZLE OF LASTING EFFECTS

The follow-up surveys just before the 2020 election as
well as just after the election with both the partici-
pants and the control group show significant

differences in voting behavior for these samples of
registered voters.5

FIGURE 1. Policy-Based Score (PBS) Changes over Time

Note: Policy-based score (PBS) is constructed for each individual based on responses to 26 questions identified as themost polarizing. The
upper chart shows the participant group, and the lower chart shows the control group. T1 is the survey wave prior to the deliberations, T2 is
right after the deliberations, and T3 is 10 months after, in July 2020.

5 Setting aside the 5%or so who intend to vote for a third party or not
vote at all, the total percentage of the control group saying they
intend to vote is 86% and the total percentage of the deliberators
saying they intend to vote is 91%. At first glance these numbers may
seem high. For perspective, the actual percentage of registered voters
in the population who turned out to vote in November 2020 was
86.3%. Thus, our vote intention numbers are within a reasonable
range. Note these calculations are percentages of registered voters,
not of the voter eligible population. SeeReuters Staff (2021) formore
information.
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Table 2 shows the dramatic difference between the
treatment and control groups in voting intention just
before the election, a full year after the deliberative
weekend. The control group had a gap between Joseph
R. Biden and Donald J. Trump at 3.8% (the actual gap
in the electorate was about 3%). But the voting inten-
tions of the participants suggest a dramatic effect of the
treatment—a gap of 28.2 percentage points between
the two major candidates.6
How is such an effect possible? The results are

surprising because the accepted wisdom in political
science has long been that voting behavior, deeply
rooted in group attachments, is much more stable,
and is presumably much harder to change than political
attitudes (Achen and Bartels 2016; Campbell et al.
1960; Green, Palmquist, and Schickler 2004). We find
significant effects on two aspects of voting behavior:
who one votes for and whether one votes at all. The
second is just as puzzling as the first in that successful
interventions on turnout tend to be soon before the
election (e.g., Green and Gerber 2019). All of the
effects on voting behavior discussed here occur much
longer after the intervention. How can deliberation
possibly have such effects almost a year later?

DELIBERATIVE DEPARTURES FROM
PARTISAN LOYALTIES: WHO WAS
AFFECTED?

We can begin to explore these differences between
treatment and control groups first by looking at who
was different in voting behavior between the two
groups at election time. Second, we will do predictive
modeling to indicate who departed from the voting
behavior that would normally be predicted by standard
demographics (including party ID). Then, we will turn
to causal mediation analysis to explore the effects of a
latent variable, which we term a civic awakening) that

helps to further explain the voting behavior of the
treatment group.

Not only are Democratic participants in the middle
(roughly 3–5) PBS range more likely to intend to vote
for Biden than those in the same range in the control
group, but Independents and Republicans are as well.
Figure 2 illustrates this finding with a binned scatterplot
that breaks participants and control group members
out by party. Democrats and Independents who start
off in the middle group at T1 are especially more likely
to intend to vote for Biden than those in the control
group by T4. Self-described Republicans who, in fact,
hold somewhat left-leaning policy positions at T1 are
also more likely to vote for Biden at T4 than compara-
ble individuals in the control group.

In addition to vote intention for Biden, the middle
group of participants also sees the biggest effect on
intention to vote at all. Figure 3 demonstrates this fact,
comparing those in themiddle group to those outside of
the middle group at T1 and participants to control
group members. The figure provides support to our
view that individuals in the middle group, there are
marginal voters whose political engagement has the
capacity to be especially awakened by democratic
deliberation.

To further investigate individuals in the middle
group, we build a model designed to predict vote
intention based on the control group and then see
where the model performs poorly when applied to the
participants.

We take our control group sample and run a probit
regression of the control group’s voting intentions
(1 for Biden, 0 for Trump) at T4 on their characteristics
at T1. The regression includes the following explana-
tory variables: education, gender, age, race, marital
status, employment status, income level, home owner-
ship status, metro/rural area of residence, feelings
towards Republicans, feelings towards Democrats,
opinion of Trump, opinion of Biden, PBS, ideological
self-assessment score, and political party. The pseudo
R-squared for a probit regression that includes just the
demographic variables is 0.11; the pseudo R-squared
for a regression that has all the variables above is 0.86.

TABLE 2. Voting Intention for Participant and Control Groups, Time 4

Vote intention overall

If the presidential election were held tomorrow, which candidate would you vote for (or already have voted for)?

Sig: .000 Participants Control

Frequency Percent Frequency Percent

Republican candidate Donald J. Trump 145 31.3 290 40.8
Democratic candidate Joseph R. Biden 275 59.5 317 44.6
Won’t vote or vote for third party
or write-in candidate

24 5.2 34 4.8

Prefer not to answer 2 0.4 16 2.2
Don’t know 16 3.4 48 6.8
SKIPPED ON WEB 1 0.2 5 0.7
Total 463 100 710 100

6 For a similar table with recollected vote after the election, see
Supplementary Table A7.
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We then take the estimated model (with all the vari-
ables) and use it to predict the participants’ intent to vote
at T4 based on their T1 characteristics. We calculate the
delta between actual vote intention and the model’s
predictions. To do this, we take the vote intention a
participant’s reports at T4 (1 = vote for Biden, 0 = vote
for Trump) and subtract the model’s prediction for that
participant (a probability of voting for Biden that ranges
from 0 to 1). Thus, if a person’s delta is positive, the
probability that he/she will vote for Biden is higher in

reality than the model would predict. If the delta is
negative, the probability that he/she will vote for Biden
is lower in reality than the model would predict.

In Figure 4, we plot the binned averages of the deltas
on the y-axis against the participants’ Time 1 PBS on
the x-axis. The model error is close to zero for most
participants, except for those who are in the middle
group of the PBS, in the 3–5 score range. The errors
start to pick up a bit (meaning the likelihood that the
participant will vote for Biden is higher in reality than

FIGURE 2. Vote Intention for Biden at T4

Note: Policy-based score (PBS) is constructed for each individual based on responses to 26 questions identified as themost polarizing. Not
intending to vote for Biden means intending to vote for Trump or someone else. Vote intention data were collected in October 2020.
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predicted by the model at T1) for those with PBS
between 3 and 4, and really shoot up for those with
PBS between 4 and 5.
Looking at model prediction errors by demographic

characteristics, we find evidence that the participants
driving differences in vote intention between the par-
ticipant and control groups are those without a college
degree (Figure 5), especially in the middle of the PBS
range. These findings corroborate our evidence that the
participants who saw the largest lasting increase in

political engagement as a result of deliberation are
individuals who came into the experiment with the
lowest levels of political knowledge. Figure 6 also dem-
onstrates that women in the middle range of the PBS
were disproportionately affected by the deliberations.

The first issue to examine is whether or not the
apparent difference is the result of differential attrition
or some other distortion in the composition of the
participant and control groups a year or more later
(T4 andT5) compared to theway theymatchedup atT1.

FIGURE 4. Effects on Vote Intention Captured by Predictive Modeling

Note: Policy-Based Score is constructed for each individual based on responses to 26 questions indentified as the most polarizing. A
positive delta value means that the participant is more likely to vote for Biden than predicted by the model. A negative delta means that the
participant is less likely to vote for Biden than predicted by the model. Probit model is estimated using Time 1 control group characteristics
and predictions aremade for participants based on their Time 1 characterstics. Vote intention data are collected at Time 4, in October, 2020.
Full calibrated model used to construct this figure can be found in the APSR Dataverse.

FIGURE 3. Vote Intention by Participant Status and PBS (at T1)

Note:Middle are those who have Policy-Based Scores between 3 (inculusive) at Time 1. Non-middle are all other participants. Participants
in themiddle group are 6.4 percentage points (8.4%)more likely to intend to vote than control groupmembers in themiddle group. Standard
error on the difference is 0.045, so difference is not statistically significant. 76.4% of control middle group intends to vote.
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Table 3 shows that the average differences in char-
acteristics of the control group and the participant
group did not change significantly across time. Differ-
ences in the averages between participant and control
groups for all the standard demographics (as well as
party ID) are stable across the various waves. The
dramatic differences in voting intention we saw in
Table 2 thus cannot be attributed to differential attri-
tion in either the participant group or the control group
in the survey waves collected either before or after the
election.

Even though the participant group did not experi-
ence differential attrition compared to the control
group, one might wonder if they started out more
knowledgeable and more oriented to discussion with
diverse others. Perhaps starting as more amenable to
diverse civic dialogue they were more easily activated
by the process. However, on questions of general
knowledge, there were no significant differences
between the participants and the control group on five
out of seven of the questions on general political
knowledge at time 1 (see Supplementary Table A8).

FIGURE 5. Effects on Vote Intention Captured by Predictive Modeling, by Education

Note: Middle are those participants who have Policy-Based Scores between 3 and 5 (inclusive) at Time 1. Non-middle participants are all
other participants. Positive prediction error shows that, on average, participants were more likely to vote for Biden than predicted by the
model. Vote intention data are collected at Time 4, in October, 2020. Full calibrated model used to construct this figure can be found in the
APSR Dataverse.

FIGURE 6. Effects on Vote Intention Captured by Predictive Modeling, by Gender

Note: Middle are those participants who have Policy-Based Scores between 3 and 5 (inclusive) at Time 1. Non-middle participants are all
other participants. Positive prediction error shows that, on average, participants were more likely to vote for Biden than predicted by the
model. Vote intention data are collected at Time 4, in October, 2020. Full calibrated model used to construct this figure can be found in the
APSR Dataverse.

Can Deliberation Have Lasting Effects?

9

ht
tp

s:
//

do
i.o

rg
/1

0.
10

17
/S

00
03

05
54

23
00

13
63

 P
ub

lis
he

d 
on

lin
e 

by
 C

am
br

id
ge

 U
ni

ve
rs

ity
 P

re
ss



On questions about others “who disagree with you
strongly,” such as whether they “have good reasons”
or whether “they are thinking clearly,” the partici-
pant and control groups show virtually no difference
at time 1. This is also true for the time 1 views of the
sample who answered the voting intention questions
at time 4 (see Figure A2 in the Appendix). We take
these questions as an approximate measure of the

predisposition to engage with those with whom you
most strongly disagree. There does not seem to be
any difference in this predisposition between treat-
ment and control groups nor any strong indication
that the participants started out as more informed
citizens.

Another potential explanation stems from the global
COVID-19 pandemic and the Trump administration’s

TABLE 3. Balance Table Showing Differences in Means between Participant and Control Groups

(1) (2) (3) (4)

Mean diff
control-treatment

Mean diff
control-treatment

Mean diff
control-treatment

Mean diff
control-treatment

T1 sample T3 sample T4 sample T5 sample

Less than HS/HS 0.11*** 0.11*** 0.12*** 0.12***
Some college −0.04 −0.04 −0.05* −0.05
BA or higher −0.06** −0.07** −0.06** −0.08***
Male 0.03 0.04 0.06* 0.05
Over 60 0.02 0.02 0.02 −0.02
White 0.08*** 0.08*** 0.07*** 0.03
Married 0.06** 0.05* 0.06** 0.02
Employed 0.01 0.01 0.02 0.02
HH Inc. <$60,000 0.02 0.03 0.02 0.02
Homeowner 0.09*** 0.08*** 0.07*** 0.07***
From non-metro −0.00 0.01 −0.00 −0.01
Share Democrats −0.03 −0.03 −0.03 −0.02
Share Republicans 0.05* 0.04 0.05 0.04
Share Independents −0.02 −0.01 −0.02 −0.02
Policy-based score, T1 0.33** 0.34** 0.36*** 0.27*
Observations 1367 1267 1173 1150

Note: Table shows differences in average characteristics of the control group and the treatment group at each time period of the study. T1 is
just before September 2019, before the deliberations; T2 is just after the deliberations (not shownbecause the sample is the same as at T1);
T3 is 10 months later, in July 2020; T4 is October 2020; T5 is November–December 2020, after the general election. All characteristics are
based on data collected at T1. The number of observations in each sample includes the participant and control group samples. For full
balance tables for each time period of the study, please see the Appendix Tables A3–A6. *p < 0.10,**p < 0.05,***p < 0.01.

FIGURE 7. Evaluating the COVID-19 Pandemic Response

Note:Policy-Based Score is constructed for each individual based on responses to 26 questions identified as themost polarizing. Question
assessing federal government’s response to the pandemic was asked at Time 4 (October, 2020).
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response, both of which occurred during the T3-T5
survey waves. One might anticipate that participants
in the deliberations might have perceived the impact of
the pandemic—and the public policy responses to the
pandemic—differently than the general populace,
which would have given the participants a more nega-
tive view of the Trump administration. To explore this
possibility, Figure 7 looks at respondent PBS against
their assessment of the federal government’s COVID-
19 response, broken down by the participant and con-
trol groups. What we see in the figure is that when
accounting for pretreatment policy positions, there is
no difference at all between the two groups. This would
indicate that, whatever effect the deliberations had, it
was not primarily through differential changes in per-
ception of the Trump administration’s performance
during the COVID-19 pandemic. This makes sense in
that the effects of the pandemic should not have been
localized or uniquely felt by participants; any effects
that COVID-19 had on the election were likely homog-
enous between the participant and the control group.
COVID-19 was everywhere.

SOLVING THE PUZZLE

Our proposed solution to the puzzle of the delayed
effect is that the deliberations gave rise to a latent
variable, which might be termed an awakening of civic
capacities, that has an effect, in turn, on voting (whether
or not one votes at all) and on vote choice (whom one
intends to vote for). The people who deliberated over
the weekend, as compared to the control group,
became more politically engaged. We take significant
movement on the PBS over the weekend as an indica-
tor that they were deeply involved in the deliberations.
Those who deliberated were also more likely to follow
the campaign, have a greater sense of internal efficacy
(belief that their political views were “worth listening
to”),7 and acquire (and continue to acquire) general
political knowledge. Deliberative change on the issues,
following the campaign, feeling that you have views
worth listening to, and becoming more knowledgeable
are all elements of a coherent civic awakening—a
picture of more engaged citizens.
These elements of a civic awakening are roughly

similar to those found by Gastil, Deess, and Weiser
(2002) in their study of the indirect effects on voting
from serving on a jury that reached a verdict.8 They

found that the depth of deliberation (which they mea-
sured by the number of counts considered at a trial that
reached a verdict) was one of the mediators in increas-
ing the likelihood of voting. Our deliberators all con-
sidered the same number of policy issues, but we
measure “depth of deliberation” through the opinion
changes on the PBS score on the deliberative weekend.
Gastil et al. (2010) also found public affairs media use
as measured by “following the campaign,” political
efficacy and satisfaction with the deliberative process9
all connected to the civic awakening from jury service.
We use “following the campaign” and gain in general
political knowledge as mediators along with internal
political efficacy.

In the jury case, the dependent variable was limited
to whether or not one voted, In our analysis, we are
interested both in turnout and in how one voted and
whether that voting behavior has a connection to one’s
policy positions. The latter is essential for considering
the broader question of the impact of civic engagement
on collective self-government.

These elements of a civic awakening are most simply
captured graphically. First, we saw that the treatment
stimulated significant policy change on the issues
(Figure 1 and Table 1). These changes indicate who
engaged in the deliberations to the point of changing
their opinions significantly on the most contested
issues. Second, the participants were more likely than
the control group to say at T3 that they are “closely
following the campaign”. Figure 8 shows how this
difference is mostly (but not entirely) clustered around
the moderate middle range of the policy score (based
on the T1 scores).

Third, the deliberators show an increase in internal
efficacy or self-efficacy between T1 and T3. They are
more likely to think, at T3, that their opinions are
“worth listening to” compared to the responses from
the control group. Again, as pictured in Figure 9, these
differences are clustered mostly, but not entirely, in the
broad middle of the policy score range (based on their
scores at T1).

Fourth, we have a measure of general political knowl-
edge on items that were not explicitly the subject of the
deliberations (who controls the House and who controls
the Senate). This measure did not increase right after
deliberation, at T2, but was significantly higher for par-
ticipants at T3 (Figure 10). This suggests that 10 months
after deliberation, the participants were obtaining gen-
eral political knowledge on their own, a sign that the civic
awakening that occurred during the course of delibera-
tion is manifesting itself in lasting ways.

Let us review these aspects of the civic awakening
and note how they are distributed in the policy space.

7 We have focused on internal or self efficacy rather than external
efficacy for a long-term effect as one’s sense of developing “opinions
worth listening to” is not dependent on the contested and changing
political context of a hotly contested campaign. After a year of
no-holds-barred campaigning, it is hard to imagine citizens agreeing
that “Public officials care about what people like me think” (the
standard external efficacy question that we included.) But it is
possible to imagine that deliberators might continue to believe “I
have opinions about politics that are worth listening to” (a standard
measure of internal efficacy that we included.)
8 These are also suggestive connections to the construct of “political
capital” in Jacobs, Cook, and Delli Carpini (2009) which includes
political efficacy, political attention and general political knowledge

among other variables. But this is from a single cross-sectional survey,
not an experiment (exploring the effects of attending publicmeeting).
9 Our battery of evaluation questions of the deliberation has a
median close to 10 on a 0 to 10 scale. There is not enough meaningful
variation to employ them in the analysis. Furthermore, we only have
evaluation questions from those who took part in the deliberations.
We have no such data from the control group (which would have
been required to include them in the causal mediation analysis.)
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First, as we see in Figure 8, there are clear differences
between the participant and control groups in how
closely the respondents are following the 2020 election,
regardless of the PBS.We also see a similar relationship
in Figure 9 for respondent’s self-reported beliefs in the
value of their own political opinions: again, participants
were more likely to believe that their political opinions
were “worth listening to” even at T3, a persistent
change long after the deliberative weekend. The delib-
erative treatment also affected general political knowl-
edge. It increased between T2 and T3, throughout the
course of the election. Once again, the increases are
clustered in the broad middle of the policy space and
show a large difference between participant and control
groups. For details on the two general political knowl-
edge questions (as well as the policy-specific knowledge
questions) and how they compared to responses from
the control group at T1, T2, and T3, see Supplementary
Table A.8, Panels A, B, and C.
To summarize, we believe the following elements of

civic awakening serve as mediators for whether citizens
will vote at all and whom they intend to vote for: a)
changes in the PBS over the weekend of deliberation
(Table 1 and Figure 1); b) closely following the cam-
paign (Figure 8); c) having “opinions worth listening
to” (Figure 9); and d) general political knowledge
(Figure 10). We will employ causal mediation analysis
to demonstrate the effect of these variables on voting.
First, a few words on how we conceptualize the civic

awakening. Our theory of measurement requires us to
differentiate between two types of measures: “reflective”
and “formative” (Sokolov 2018; Stenner, Burdick, and
Stone 2008; Trochim 2001). A formative measure
requires knowing all of the factors that make up a con-
struct and includingmeasures for all of these components.

A classic example of a formative measure is socioeco-
nomic status, which is defined as the combination of
education, income, and occupational prestige
(Auerbach, Lerner, and Ridge 2022). If one part is not
included, then the index would be incomplete and not
measure socioeconomic status. Reflective measures
examine multiple outputs of a force and use latent trait
modeling to identify this force in these results. For
instance, intelligence is a latent ability assessed through
various types of tests. IQ tests take test question responses
as reflections of an individual’s underlying ability. In this
case, there is no complete corpus of intelligence compo-
nents to be assembled (Coltman et al. 2008).

We view the civic awakening as a formative con-
struct: we believe that it is a combination of individuals
propensity to follow the campaign, to feel their opin-
ions are worth listening to, to become knowledgeable
about politics, and to have deliberated in depth (mea-
sured by whether attending the deliberation caused a
general shift in their underlying political attitudes
[PBST1 - PBST2]). If we treated this as a singular
reflectivemeasure, wewould want to study their under-
lying correlation matrix and use methods that exploit
similar covariance between the variables (like factor
analysis). Because we believe civic awakening is a
latent combination of these observable factors, such
tests are inappropriate, though there are modest cor-
relations between “follows the campaign,” “having
opinions worth listening to,” and knowledge (with
Pearson’s correlation coefficient ranging from 0.24 to
0.37 between the three).

Fundamentally, we believe that these four indicators
are evidence of the formative construct of an individ-
ual’s unobservable civic engagement. We choose to
keep these as separate indicators, rather than utilize

FIGURE 8. Following the Campaign

Note: Policy-Based Score is constructed for each individual based on responses to 26 questions identified as the most polarizing.
Responses to the question “How closely do you follow the presidential election campaign?” were collected in October, 2024 (T4).
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an aggregation strategy, because keeping these sepa-
rate makes the results of our treatment on each indi-
vidual indicator clear, showing that certain indicators
only affect certain outcomes. Aggregation would lose
specificity that makes our overarching story much
clearer.

CAUSAL MEDIATION ANALYSIS:
ESTIMATING DIRECT AND INDIRECT
EFFECTS OF DELIBERATION

The traditional method of exploring relationships
between a treatment and outcomes is by using a

FIGURE 9. Having “Political Opinions Worth Listening to”

Note: Policy-based score is constructed for each individual based on responses to 26 questions identified as the most polarizing.
Responses to the question “How strongly would you disagree or agree with the following statement?”[I have opinions about politics that are
worth listening to.] were collected at T1 (just before deliberations), T2 (just after), and T3 (10 months later, July 2020).
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regression model. However, this method fails to disen-
tangle underlying causes and effects that are indirect,
rather than direct. In our case, we know that there is an
effect of participating in the deliberations on an

individual’s propensity to vote; this effect is perceivable
even a year after the event. It is, however, unsatisfac-
tory to state that participating in the deliberations is the
direct cause of an increased propensity to vote and to

FIGURE 10. General Political Knowledge

Note: Policy-based score (PBS) is constructed for each individual based on responses to 26 questions identified as the most polarizing.
Y-axis reports the average share of people correctly answering the questions: “Which political party holds the majority in the Senate?” and
“Which political party holds themajority in the House?” Those who select Democrats, Independents, or say they do not know for the Senate
are coded as not knowing the correct answer; those who select Republicans, Independents, or say they do not know for the House are
coded as not knowing the correct answer. T1 is just before the deliberations (September 2019), T2 is just after, and T3 is 10 months later, in
July 2020. The upper chart shows the participant group, and the lower chart shows the control group.
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vote in particular ways: surely, there were intermediate
steps caused by the deliberations that, when taken
together, affect these outcomes.
When faced with the possibility of indirect effects,

investigators may have prior knowledge that an explan-
atory variable plausibly exerts its effect on an outcome
via direct and indirect pathways. In the indirect pathway,
there exists a mediator that transmits the causal effect.
Suppose we have variables T and Y indicating the

treatment variable and outcome variable, respectively.
Mediation in its simplest form involves adding a medi-
ator M between T and Y. The sequential ignorability
assumption, critical to causal mediation analysis, states
that the treatment (explanatory variable T) is first
assumed to be ignorable given the pretreatment covari-
ates, and then the mediator variable (M) is assumed to
be ignorable given the observed value of the treatment
as well as the pretreatment covariates (Imai, Keele, and
Tingley 2010; Imai et al. 2011).
The first part is often satisfied by randomization,

while the second part implies that there are no unmea-
sured confounding variables between the mediator and
the outcome. The standard mediation analysis starts
with three equations, usually modeled with continuous
outcomes (though advances in methods now allow for
most parametric modeling approaches for either stages
of the mediation):

Y = i1 þ cT þ e1 [1]

Y = i2 þ c0T þ bMþ e2 [2]

M = i3 þ aT þ e3 [3]

where i1, i2, and i3 denote intercepts; Y is the outcome
variable; T is the treatment variable; M is the mediator;
c is the coefficient linking T and Y (total causal effect);
c’ is the coefficient for the effect of T on Y adjusting for
M (direct effect); b is the effect of M on Y adjusting for
explanatory variables; and a is the coefficient relating
to the effect of T on M. e1, e2, and e3 are residuals that
are uncorrelated with the variables in the right-hand
side of the equation and are independent of each other.
Under this specific model, the causal mediation effect
(CME) is represented by the product coefficient of
ab. Of note, Equation 3 can be substituted into
Equation 2 to eliminate the term M:

Y = i2 þ bi3 þ c0 þ abð ÞT þ e2 þ be3 [4]

It appears that the parameters related to direct (c’)
and indirect effects (ab) of T on Y are different from
those of their total effect. That is, testing the null
hypothesis c = 0 is unnecessary since CME can be
nonzero even when the total causal effect is zero
(i.e., direct and indirect effects can be opposite), which
reflects the effect cancellation from different pathways.
This standard setting for mediation analysis was

refined and brought into the potential outcomes frame-
work in Imai et al. (2011). The authors propose a set of
methods that unifies the approach to identifying direct
and indirect effects, relying on a set of assumptions that

are more readily testable than classical mediation anal-
ysis provides.

MEDIATION AND DELIBERATIVE POLLING

We believe we have identified four effects that may
represent a mediated effect of our treatment on voting
(both whether to vote and whom to vote for). The four
mediators are change in PBS immediately following the
deliberative weekend, a self-reported measure of follow-
ing the campaign, a self-reported measure of whether
one’s political opinions are worth listening to, and gen-
eral political knowledge. We view these four collectively
as latent indicators of an underlying civic awakening that
made participants more politically and civically engaged.
We believe that the effect of the treatment on these
mediators causedeventual changes in twokey dependent
variables: a respondent’s propensity to vote at all and a
respondent’s propensity to vote for Biden.

For each mediator, we estimated as follows:

1ststage:
FollowsCampaignT3 � c∗Treatmentþ PBST1
þ DemographicControlsT1
Worth Listening To?T3 � c∗Treatmentþ PBST1
þ DemographicControlsT1
KnowledgeIndexT3 � c∗Treatmentþ PBST1
þ DemographicControlsT1
PBST1−PBST2 � c∗Treatmentþ PBST1
þ DemographicControlsT1

2ndstage:
Outcome1,2 � FollowsCampaignT3 þ c∗Treatment
þ PBST1 þDemographicControlsT1
Outcome1,2 � Worth Listening To?T3 þ c∗Treatment
þ PBST1 þDemographicControlsT1
Outcome1,2 � KnowledgeIndexT3 þ c∗Treatment
þ PBST1 þDemographicControlsT1
Outcome1,2 � PBST1−PBST2ð Þ þ c∗Treatment
þ PBST1 þDemographicControlsT1

where Outcome1,2 refers to vote at all (T4) and vote for
Biden (T4), respectively. To estimate the mediation
effects, we utilized a mixed effects regression frame-
work, with demographic controls and random inter-
cepts at the state level.10 Demographic controls
include education, gender, age, race, marital status,
employment status, income level, home ownership sta-
tus, metro/rural area of residence, and party ID. For
consistency, we use the same sets of controls and

10 State level random intercepts allow for heterogeneities in voting
propensities by state level characteristics, similar to a regression
strategy discussed in Gelman and Hill (2006).
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regression modeling specifications for each of the
models.
Participation in the deliberations significantly

increased campaign interest, self-efficacy, general
political knowledge, and movement to the left overall
for the PBS between T1 and T2, as demonstrated
earlier. Because of this, we know that it is possible that
these four mediators will have significant indirect
effects on outcomes, even if there is weaker evidence
for a direct effect of these mediators. For the entire
sample, these effects are shown in Figures 3 through 5.
“Following the campaign,” having opinions “worth
listening to,” and general political knowledge are sig-
nificant mediators for whether or not one will vote.
Table 4 shows the causal mediation effects over the full
range of the PBS.
Table 4 presents the results of this mediation analy-

sis, with themediators on the left-hand side of the table,
and the dependent variables on top. The effect listed is
the average causal mediated effect with 95% confi-
dence intervals presented. The effects in this analysis
are estimated using the “mediation” package in R (see
Imai et al. 2011 for a discussion and Tingley et al. 2014
for an overview of the features of the package). 95%
credible intervals are estimated with a parametric boot-
strap with 1000 intervals, estimated with robust stan-
dard errors.

Indirect effects of the treatment were significant for
voting at all if mediated through increases in respon-
dent attention to the campaign, self-efficacy, and gen-
eral political knowledge, though the relationship is not
significant between these mediators and voting for
Biden. However, there were significant indirect effects
in intention to vote for Biden if mediated through
changes in their PBS before and after treatment (move-
ment to the left). For the group as a whole, there were
significant indirect effects on voting for Biden from the
treatment if the treatment induced a movement to the
left along the PBS. But as Figures 8–10 suggest, these
effects are likely to bemore strongly felt among those in
the middle range of the PBS (defined as respondents
with scores 3–5 in their T1 PBS). As those participants
start off at particularly low levels of civic engagement
and as they lean slightly left in their policy positions, we
believe they are likely to decide whether to vote and
whom to vote for on the margin. Table 5 looks at the
same set of models as Table 4 but restricts the analyses
to just this middle group.

Here, we see amuch larger effect from changes in the
weekend on voting for Biden. However, with the smal-
ler N of the middle range only, the other effects, except
for following the campaign, are no longer significant.
Before, for the full range of the PBS, the ACME was a
rounded 0.02—roughly a 2% increase in the probability
of voting for Biden. Now the effect is a rounded 0.06—
roughly a 6% increase in the probability of voting for
Biden. This suggests that the indirect effect of partici-
pating in the deliberations, mediated through short run
changes to respondent PBS and thus an openness to
moving one’s average position left on policy issues, was
responsible for a 6% increase in the likelihood a
respondent would vote for Biden—even after condi-
tioning on a variety of demographic controls as well as
state fixed effects.

MEDIATION AND VOTE RECOLLECTION

In the interest of assessing whether the long run effect
of deliberation on voting is not simply a function of
intention, we also ran our same models from the pre-
vious section on a slightly different version of respon-
dent voting behavior: voting recollection. Unlike in the
previous section, where respondents were asked if they
intended to vote and how they planned to vote in the
upcoming election (T4), we now rely on retrospective
descriptions of respondent voting behavior (T5) for our
dependent variables.

We perform this analysis using the mediation analy-
sis framework from the previous section, simply
substituting out the dependent variables. We are still
interested in the indirect effect of deliberation on fol-
lowing the campaign, self-efficacy, political knowledge,
and changes in ideology pre- and posttreatment. We
use reported voting at all as our first dependent vari-
able and reported voting for Biden as our second
dependent variable.

In Table 6, we see two important trends. First, the
mediated effects of deliberation through knowledge

TABLE 4. Average Causal Mediated Effect
(ACME) of Participation in A1R (95% CI) on
Vote Intention

Dependent variable:

Vote at all
(t4)

Vote for Biden
(t4)

Mediator Follows
campaign

0.0249*** 0.0012
(0.01, 0.04) (−0.002, 0.01)

Worth
listening to?

0.0115*** 0.0037*
(0.01, 0.02) (−0.001, 0.01)

Knowledge
index

0.00859*** −0.0006
(0.003, 0.020) (−0.003, 0.002)

PBST1 - PBST2 −0.0012 0.0184***
(−0.009, 0.01) (0.01, 0.03)

Observations 1145 1000

Note: Each model is fit using a generalized linear mixed effects
model for both the mediators and the dependent variables—
linear models for each of the mediators and logistic regression
models for the dependent variables. The dependent variables
are Vote at All and Vote for Biden, as indicated at the top of the
table. Random intercepts were fit at the level of the respondents’
home state. We include a set of respondent demographic con-
trols (age, gender, race, education poverty, and party ID) in each
model, as well as respondent PBS. Observations include partic-
ipants and control groups members. Models are fit using the
“mediation” package in R with 95% CI included in the parenthe-
sis. Complete model results are available in the Supplementary
Tables A14–1, A14–2, A14–3, and A14–4. *p < 0.1, **p < 0.05,
***p < 0.01.
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and change in ideology are basically the same between
voting intention and voting recollection; deliberation
increases knowledge, which increases an individual’s
propensity to vote. Furthermore, the shift in the PBS
from deliberation between T1 and T2 had a bigger
effect on an individual’s propensity to report actually
voting for Biden. The primary change is with the first
two mediators: following the campaign and respondent
self-efficacy. The effect that deliberation has on respon-
dents’ self-reported following of the campaign still has
an effect on their propensity to vote. What has changed
is that this same effect also makes participants more
likely to self-report voting for Biden. The opposite is
true for respondent self-efficacy; there is now no effect
from deliberation to self-efficacy to any change in self-
reported behavior. This may represent an interesting
illustration of the potential difference in how prospec-
tive versus retrospective assessments of voting behav-
ior tracks respondent self-assessment.
Table 7 shows the results of causalmediation analysis

of the middle group, but using measures of reported

voting after the November 2020 election. Similar to the
relationship between Tables 4 and 6, Table 7 tells
largely the same story as Table 5, with the sole excep-
tion being the emergence of an indirect effect of delib-
eration through following the campaign on voting for
Biden. The results are otherwise largely unchanged.

There is a long-standing discussion about overreport-
ing of voting in the literature (Belli, Traugott, and
Beckman 2001; Bernstein, Chadha, and Montjoy
2001). But the fact that our results are essentially
unchanged, whether we measure voting outcomes
before or after the election suggests a robustness of
the effects of deliberation on this array of mediators.
Thus far, the causal mediation analyses have employed
self-reported voting.

But we also collected verified votes for the partici-
pant and control samples after the election. Of course,
there are well-known challenges with voter verification
(Katosh and Traugott 1981; Miller et al. 2021). Some
voters exaggerate whether they have voted, some
move, some have different spellings of their names, or
change their names. Despite these issues, we collected
verified voter information for our sample and then
redid the causal mediation analysis for those for whom
we could definitely verify that they voted. The results
are presented in Supplementary Table A12 for the
whole range of the PBS and in Supplementary
Table A13 for the middle range only. They show that
the causal mediation results for voting at all and for
voting for Biden remain essentially unchanged. They
are not the result of people overreporting that they had
voted because the same causal relations hold for those
for whomwe could definitely verify whether or not they
voted.

Thus far, we have traced elements of a civic
awakening—greater efficacy, increased knowledge,
and closer attention to the campaign among the delib-
erators. We have also seen indirect effects of the civic
awakening on voting at all and voting for Biden. How-
ever, we can also explore whether there is a direct effect
of their time 3 PBS scores on how they voted. Once
awakened, are the deliberatorsmore likely to take their
policy preferences into account in deciding whom to
vote for?

We can see this relationship in Table 8. In this set of
regressions, we seek to compare how policy positions
(PBS score) measured at different times predicts voter
behavior in the 2020 election. We focus on three sep-
arate models which are identical in all indications,
except they use a respondents’ PBS measured at three
separate times. If, as we believe, participants become
better spatial voters—voters who are better able to
transform policy preferences into voting behavior—
we should see a strong negative correlation between
respondent PBS and voting for Biden (negative since
positive scores mean more conservative), and we
should see a significant coefficient on the interaction
between participant status and the PBS score. We
compare ideology pretreatment (time 1), immediately
posttreatment (time 2), and in the year follow-up
(time 3). We find results that confirm our expectations:
respondents are more likely to vote for Biden than

TABLE 5. Average Causal Mediated Effect
(ACME) of Participation on Vote Intention
Middle Group Only

Dependent variable

Vote at all
(t4)

Vote for
Biden
(t4)

Mediator Follows
campaign

0.0379*** 0.0045
(0.012,
0.06)

(−0.011,
0.02)

Worth listening
to?

0.0083 0.0061
(−0.004,

0.03)
(−0.009,

0.02)

Knowledge
index

0.0063 −0.0022
(−0.004,

0.02)
(−0.013,

0.01)

PBST1 - PBST2 0.0043 0.0487***
(−0.0130,

0.02)
(0.0234,

0.10)

Observations 338 339

Note: Each model is fit using a generalized linear mixed effects
model for both the mediators and the dependent variables—
linear models for each of the mediators and logistic regression
models for the dependent variables. The dependent variables
are Vote at All and Vote for Biden, as indicated at the top of the
table. Random intercepts were fit at the level of the respondents’
home state. We include a set of respondent demographic con-
trols (age, gender, race, education, poverty, and party ID) in each
model, as well as respondent PBS. Observations include partic-
ipants and control groups members. Models are fit using the
“mediation” package in R with 95% CI included in the parenthe-
sis. Complete model results are available in the Supplementary
Tables A15–1, A15–2, A15–3, and A15–4. *p < 0.1,**p < 0.05,
***p < 0.01.
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members of the control group, having a higher PBS
makes one less likely to vote for Biden, and, most
importantly, being a participant makes this relationship
statistically stronger.

The relationship between voter policy positions at
each time and whether or not they ultimately vote for
Biden gets stronger for participants given their time
3 PBS, rather than their time 1 or time 2 PBS; the

TABLE 6. Average Causal Mediated Effect (ACME) of Participation (95% CI) on Recollected Vote

Dependent variable

Did vote at all Did Vote for Biden

(t5) (t5)

Mediator Follows campaign 0.0108*** 0.0089***
(t3) (0.006, 0.02) (0.0017, 0.02)

Worth listening to? 0.003 0.0046
(t3) (0.001, 0.01) (−0.0015, 0.01)

Knowledge index 0.0055*** 0.0001
(t3) (0.002, 0.01) (−0.00004, 0.0001)

PBST1 – PBST2 −0.0026 0.0256***
(−0.01, 0.00) (0.015, 0.04)

Observations 1047 1113

Note: Each model is fit using a generalized linear mixed effects model for both the mediators and the dependent variables—linear models
for each of the mediators and logistic regression models for the dependent variables. The dependent variables are vote at all and vote for
Biden, as indicated at the top of the table. Random intercepts were fit at the level of the respondents’ home state. We include a set of
respondent demographic controls (age, gender, race, education, poverty, and party ID) in each model, as well as respondent PBS.
Observations include participants and control groups members. Models are fit using the “mediation” package in R with 95% CI included in
the parenthesis. Complete model results are available in the Supplementary Tables A16–1, A16–2, A16–3, and A16–4.
*p < 0.1,**p < 0.05,***p < 0.01.

TABLE 7. Average Causal Mediated Effect (ACME) of Participation on Recollected Vote: Middle
Group Only

Dependent variable

Did vote at all Did vote for Biden

(t5) (t5)

Mediator Follows campaign 0.012* 0.0179*
(t3) (−0.00002, 0.008) (−0.0004, 0.05)

Worth listening to? 0.001 0.0115
(t3) (−0.009, 0.01) (−0.006, 0.03)

Knowledge index 0.0031 −0.0042
(t3) (−0.0037, 0.01) (−0.018, 0.001)

PBST1 - PBST2 0.0058 0.0507***
(−0.0093, 0.02) (0.0221, 0.09)

Observations 303 324

Note: Each model is fit using a generalized linear mixed effects model for both the mediators and the dependent variables—linear models
for each of the mediators and logistic regression models for the dependent variables. The dependent variables are vote at all and vote for
Biden, as indicated at the top of the table. Random intercepts were fit at the state level. We include a set of respondent demographic
controls in (age, gender, race, education poverty, and party ID) in each model, as well as respondent PBS. Observations include
participants and control groups members. Models are fit using the “mediation” package in R with 95% CI included in the parenthesis.
Complete model results are available in the Supplementary Tables A17–1, A17–2, A17–3, and A17–4.*p < 0.1,**p < 0.05,***p < 0.01.
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coefficient on the interaction goes from −0.921 for time
1 PBS interacted with treatment status, to −0.781 in
time 2, and to −1.075 in time 3. This suggests that
participant policy position is becoming a better predic-
tor of voting for Biden over time; participants are
voting more in line with their spatial preferences as
their spatial preferences shift over time.
We can speculate how these results might apply to

the broader universe of eligible rather than just regis-
tered voters. Might similar effects have been found
among non-registered but eligible voters? The non-
registered voters are likely to be less knowledgeable
and less educated. Do we think deliberation would
have comparable effects on them? Figure 10 shows
the biggest effects of the treatment on the less knowl-
edgeable in the middle of the policy space (PBS).
Figure 5 shows that the biggest effects on voting inten-
tion came from those who lacked a college degree. So it
is worth speculating that if registration as a barrier to
voter participation were somehow to disappear, delib-
eration could be expected to have comparable or even
greater effects among those currently non-registered.

CAN THESE DELIBERATIVE EFFECTS BE
SCALED?

The picture that emerges from these analyses is that
deliberation in an organized setting, on the model of

Deliberative Polling (Fishkin 1991; 2018), fostered ele-
ments of a civic awakening, particularly in the moder-
ate and less politically engaged middle of the policy
space. Those who were most affected by the delibera-
tions during the weekend (as indicated by the changes
in their PBS), those who subsequently followed the
campaign more closely, those who thought they had
opinions “worth listening to,” and those who gained
knowledge over the course of the campaign were also
more likely to vote andmost particularly, more likely to
vote for Biden in the 2020 Presidential election. In
short, by intensively deliberating on the issues, becom-
ing more aware of the campaign, having greater self-
efficacy, and becoming more knowledgeable, they
brought to life many of the elements of the “folk theory
of democracy.” This is not a myth beyond the compe-
tence of ordinary citizens. It is a set of capacities that
can be stimulated by institutional design. We think it is
remarkable that such a short intervention can have a
lasting effect a year later via the mediating variables in
this civic awakening that led them to process the cam-
paign and their voting decisions differently than the
control group.

Think of the changed distribution of this political
engagement. Before deliberation, our civic mediators
tended to be distributed in the policy space in a kind of
sunken parabola (a U shape) bottoming in the middle
range (see Figures 3–5). Those in the broad middle
range were left out—less likely to “follow the
campaign,” less likely to think they had “opinions
worth listening to,” and less likely to gain general
political knowledge. But deliberation brought up the
middle ranges and created a distribution on these vari-
ables more like a plateau, putting everyone on a more
equal footing. This is a more inclusive form of democ-
racy, where so many are not simply left out and where
deliberation is an intrinsic part of participation.

This is very much like the vision in “Deliberation
Day,” the idea of a national holiday in which the whole
country deliberates on the issues in many organized
small groups and comes to a considered judgement
during the Presidential campaign (Ackerman and Fish-
kin 2004). In anticipation of such informed voters being
energized enmasse, the book argues that therewould be
rational incentives for candidates to adjust their cam-
paign strategies to appeal to voters in more thoughtful
and nuanced ways. Perhaps this would disincentivize at
least some of our more manipulative campaign prac-
tices. Whether or not this latter claim is correct, it is
surely true that a scaling of the deliberative process
would take voters out of their filter bubbles and engage
them with diverse others as they determine their views
on the issues. Activating the broad middle of the policy
spectrum would change the incentives for candidates
(and their allies via independent expenditure groups) to
do more than simply address the base of their parties to
stimulate turnout. The overall electorate might depo-
larize because the universe of more moderate and
potentially persuadable voters would be enlarged by
bringing those in the broad middle of the policy space
back into the political arena.

If we are correct in this picture, can deliberation
actually be scaled? We believe this is an area ripe for

TABLE 8. Voting for Biden by Participant
Status and Policy Score over Time

Model 1 Model 2 Model 3

Participant 4.652** 2.761* 5.420**
(1.671) (1.354) (2.073)

PBST1 −1.551***
(0.139)

Participant
X PBST1

−0.921*

(0.361)
PBST2 −1.623***

(0.149)
Participant
X PBST2

−0.781*

(0.319)
PBST3 −1.757***

(0.170)
Participant
X PBST3

−1.075*

(0.447)
Num.Obs. 966 965 944
Adj. R2 0.886 0.858 0.907
AIC 427.3 455.9 353.5
BIC 476.1 504.6 402.1

Note: Dependent variable is a binary on “voting for Biden,”
conditional on having voted. The model is a logit regression with
random intercepts for state. Each model includes demographic
controls and party ID (which are the same as in the mediation
results). The model uses PBS scores for each respondent
measured at different times. Full regression table is available
intheSupplementaryTable A18.*p<0.05,**p<0.01,***p<0.001.
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creative experimentation. One approach is through the
Stanford Online Deliberation Platform, which repro-
duces the experience of Deliberative Polling for innu-
merable small group discussions. In fact, it has already
been successfully employed as the mode of deliberation
with stratified random samples in Japan, Hong Kong,
Chile, Canada, and the United States, with up to 1,000
deliberators in 104 small groups (plus a separate control
group).11 In theory, the automated platform can handle
any number of deliberative participants randomly
assigned (with stratification) to small groups of ten or
twelve. Further projects are planned to continue to
expand scaling to much larger numbers, and study
effects on participants. If eventual aspirations for mass
participation in such processes succeed, this work sug-
gests that we can achieve a more deliberative society.
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